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Abstract The construction industry, as one of the industries of environmental pollution, especially needs to pay 
attention to energy saving and emission reduction and sustainable development. This paper combines the actual 
construction project profile, the energy saving and emission reduction electrical automation system design under 
the concept of intelligent building, and then use BP neural network to construct the energy emission reduction 
electrical automation system energy consumption prediction model, and in this way to guide the system scheduling 
and control work for the development of the system control program to provide a scientific decision-making basis. 
Starting from the actual development of the current intelligent building, selecting the power consumption, carbon 
emissions, system operation and management costs as the objective function, while also setting the constraints, 
and proposing the use of genetic algorithms to form the system scheduling control model. Finally, based on the 
system energy consumption prediction and control, the research program of this paper is empirically analyzed. The 
genetic algorithm calculates the optimal solution of the three objective functions as 4821KJ, 21.81t, 100,600 yuan, 
respectively, i.e., the genetic algorithm realizes the globally optimal energy-saving and emission reduction electrical 
automation system control. In this paper, the role of the control program, energy saving power 28710.5kW·h, 
converted into carbon dioxide emissions of 30.415t, comprehensively confirmed the system control of this paper 
has a good practical effect. 
 
Index Terms intelligent building, sustainable development, energy saving and emission reduction, BP neural 
network, genetic algorithm 

I. Introduction 
Accompanied by the continuous expansion of China's urban construction scale, urban intelligent buildings more 
and more, more and more complex, which requires that there must be a sufficient amount of energy as a support 
[1], [2]. Urban intelligent buildings on the huge consumption of energy use, China's carbon emissions and other 
targets is a serious test, how to ensure that the normal use of urban development with adequate energy supply, is 
the whole society, the industry are faced with a serious test, which is aimed at the intelligent building electrical 
automation technology for the control of energy consumption requirements appear to be very strict and necessary 
[3]-[6]. 

Intelligent building is to realize the optimization of building structure and equipment, services, management to 
meet the needs of the residents of the integrated, its purpose is to provide users with a comfortable, safe, efficient, 
convenient humanized building environment, the emergence of intelligent buildings not only improves the energy-
saving level of the building and the efficiency of the use of space, but also improves the quality of people's lives and 
security [7]-[10]. Electrical automation control technology is an important research field in the current intelligent 
building industry, which is the foundation and platform for building intelligent buildings, and it realizes the automated 
management and optimized regulation of building electrical equipment through the introduction of advanced 
intelligent control technology and energy-saving equipment [11]-[14]. Thus, it improves energy utilization efficiency, 
reduces energy consumption and operating costs, reduces environmental pollution, promotes building energy 
conservation and emission reduction, and is an indispensable part of intelligent buildings [15]-[17]. From the 
automation control of HVAC equipment in early buildings, along with the continuous progress of building technology 
and control technology, the electrical automation control in intelligent buildings has also developed rapidly [18]-[20]. 
The automation of the electrical control of intelligent buildings is a necessary factor to improve the living standards 
of the occupants, and its technology is being applied more and more widely, which has a positive effect on improving 
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the function of intelligent buildings. The automation control of electrics realizes the remote control and management 
of terminal equipment, which improves the living standard and quality of occupants [21]-[24]. 

In this paper, before formulating the system control scheme, the system energy consumption prediction model 
based on BP neural network algorithm is constructed, so that the formulated energy-saving and emission reduction 
electrical automation system control scheme is more in line with the real-life situation, which is the main innovation 
point of this research. A building project is selected as the research case of this project, in order to implement the 
concept of sustainable development and energy saving and emission reduction policy, the energy saving and 
emission reduction electrical automation system for intelligent buildings is designed. In order to realize intelligent 
monitoring and prediction of system energy consumption, it is proposed to use BP neural network algorithm to 
construct a system energy consumption prediction model, which is conducive to the formulation of a more 
reasonable system control scheme. Under the premise of known system energy consumption, the objective function, 
constraints and solution algorithm are set, and the task of constructing the system scheduling control model is 
completed. In the process of empirical analysis, the prediction model and scheduling control model are first explored 
and analyzed to obtain the optimal energy saving and emission reduction electrical automation system control 
scheme, for example, the system can automatically respond to the signals transmitted by the indoor sensors to 
avoid excessive operation of the equipment, so as to reduce the unnecessary loss of power, cost, and carbon 
emissions. Finally, the practical application effect of the system control scheme is investigated and analyzed to 
further improve the rigor of the research results. 

II. Energy-saving and emission-reducing electrical automation for intelligent building 
systems 

II. A. Overview of construction works 
The construction project of a commercial area in the economic and technological development zone of a city is 
selected as an engineering project of energy saving and emission reduction electrical automation system control 
technology for intelligent buildings. The total planning area of the project is 58,134 m² and the air-conditioned area 
is 30,508 m².The carbon emission and energy consumption of the construction project is the focus of the 
construction. By increasing the degree of electrification and the use of natural gas, the proportion of high-quality 
energy and clean energy is enhanced. During the implementation of the construction project, the prevention and 
control of pollutants due to fossil fuels, etc. are strengthened to reduce the intensity of greenhouse gas and air 
pollutant emissions. The building has four floors above ground, a U-shaped plan, an east-west length of 69.4m, a 
north-south length of 83.5m, a frame structure, and a total floor area of 13,303.27m². The main functions of each 
floor are as follows: 

Main functions of the first floor: assembly building productive training base, masonry training room, mechanics 
and steel processing training room, 1+X vocational skills training center, concrete 3D printing R&D center, intelligent 
building VR training room, preparation room, office, fire watch room, distribution room, bathroom. 

Main functions of the second floor: construction organization training center, bidding training center, data room, 
town planning training center, engineering literacy training center, construction organization sand table, engineering 
cost machine room, building materials laboratory, preparation room, office, bathroom. 

Main functions of the third floor: BIM studio, BIM training machine room, fire simulation training center, engineering 
costing machine room, training classroom, data room, preparation room, office, bathroom. 

Main functions of the fourth floor: construction equipment production training center, urban and rural planning 
informationization machine room, urban and rural planning professional training center, construction simulation 
training room machine room, construction CAD machine room, water conservancy engineering training room, 
training classroom, data room, preparation room, office, bathroom. 

There are six safety exits on the first floor of the project, and five evacuation stairwells on each of the second to 
fourth floors to meet the fire evacuation requirements. The building is four floors above ground, the height of the 
first floor is 6.0m, the height of the second to fourth floors is 4.5m, and the height difference between indoor and 
outdoor is 0.45m.The project is planned to be formally completed in 2019, and formally delivered in 2020. Building 
volume coefficient Building exterior area F0=12495.29m². The volume of the building V0=63030.95m³, and the 
coefficient of building shape S=F0/V0=0.2. 

 
II. B. Energy saving and emission reduction automation system design 
II. B. 1) Functional design of lighting 
In the design process of the linkage control technology of the energy reduction automation system, the designers 
should first improve the existing lighting function, so that it can simultaneously meet the needs of the usual and 
emergency, and practicing the concept of ecological and environmental protection, so that the planning of the 
lighting circuit is more energy-saving and reasonable. In the specific design process, the designers should fully 
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understand the relevant provisions of the drawings, and based on the structural characteristics of the building itself, 
the lighting circuit of each device for a reasonable layout. Usually, housing lighting is powered by 220V, while 380V 
is used in commercial buildings. Intelligent dimming control system as shown in Figure 1, in order to ensure the 
safety of the circuit, should be designed with the help of electrical intelligent linkage control technology for 
emergency systems, that is, in the emergency equipment assembled with a total capacitance of 10kV of 
independent power supply, so that it can meet the short-term demand for electricity in the building in the case of a 
wide range of building power supply failure. This intelligent lighting system should be oriented to the actual needs 
of building users, with the help of intelligent systems to ensure the controllability of the lighting function. In addition, 
this kind of electrical intelligent system linkage control technology can also automatically adjust the building's power 
supply voltage, avoiding the phenomenon of unstable voltage leading to the reduction of lighting effect to the 
maximum extent possible. 
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Figure 1: Intelligent dimming control system 

II. B. 2) Equipment implementation design 
With the further development of intelligent buildings, the overall system of the building has been able to be controlled 
with the help of independently operating modular mechanisms. Therefore, while using the energy-saving and 
emission reduction automation system control technology, the rail module should be installed in accordance with 
the relevant national regulations, so that its diameter is controlled within 3cm, and in the actual installation process, 
the environment around the module should also be taken into account. This kind of module is characterized by small 
volume, so it occupies relatively small space. In addition, since the rail itself has a strong resistance to pressure 
and tension, it can provide effective protection for the box, simplifying the installation procedure and thus providing 
more disposable space for the occupants. 
 
II. B. 3) System operational design 
In the process of optimizing the control technology of the energy-saving and emission reduction automation system, 
the operation of the system should be reasonably designed in order to further exert the advantages of this new 
technology. If a certain module in the system stops running, it will lead to the failure of the building electrical 
intelligent system and even cause serious consequences. In the working process of this intelligent system, the 
transmission of data and information mainly relies on the joint control technology, and the corresponding module is 
run separately. Although there are interconnected channels between modules, the degree of connection is not 
strong, and the modules still rely on independent operation, and their contact with the outside world mainly relies 
on output ports, USB interfaces and IP interfaces. In order to ensure stable operation of the internal system, attention 
should be paid to the stability of the interfaces when selecting them. 

III. System energy consumption prediction and control 
III. A. System energy consumption prediction model 
Through the macro-level prediction of energy consumption changes in energy-saving systems for intelligent 
buildings, after testing and analyzing the actual use of each sub-system, the establishment of a prediction model of 
energy loads and renewable energy generation of equipment such as electricity, heat and other equipment in 
buildings and their corresponding system algorithms, the construction of an online optimization and control of the 
entire system and sub-systems objective function has been investigated, and the efficient prediction and operation 
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of the overall system has been determined. The efficient prediction and operation control strategy of the overall 
system is determined. There are many methods and theories about the prediction of electricity consumption, water 
consumption, gas consumption, etc. in construction buildings, such as fuzzy prediction method, random forest 
generation, neural network method and other control algorithms and strategies. This topic will use the prediction of 
energy consumption of energy-saving system based on BP neural network algorithm, which is one of the most 
commonly used model strategies, using BP neural network algorithm can be used to make a reasonable prediction 
of energy consumption of energy-saving system oriented to intelligent buildings, so as to achieve the purpose of 
efficient energy saving in the building. 
 
III. A. 1) BP Neural Network Algorithm 
The BP neural network is a multi-layered feed-forward neural network generated according to the computational 
theory of error back-propagation, which consists of an input layer, an output layer, and one or more hidden layers, 
and each layer consists of multiple neurons that can be computed in parallel, and there is no connection between 
neurons in the same layer, and neuron nodes between layers are connected to each other in a fully interconnected 
way [25]. If we want to improve the prediction accuracy, we can increase the number of hidden layers of the BP 
network to further reduce the training error, so as to achieve the purpose of improving the prediction accuracy. 
However, this will make the structure of the neural network more complex, so that the training time of the network 
weights will be extended and the training speed will be slowed down. The BP network with a single hidden layer is 
sufficient to fit any complex nonlinear function, and has the advantages of simple computation and fast learning 
speed. 

Learning of BP neural network consists of two stages, the first stage is forward propagation through the input 
signal. The second stage is back propagation through error [26]. In the first stage, the training sample information 
is first fed at the input layer and then processed by the hidden layer before being passed to the output layer. If there 
is an error between the actual output and the expected output, it goes to the second stage, which is the error back 
propagation stage. This process is the error of the output signal from the hidden layer to the input layer in 
accordance with the original pathway, and then the error signal obtained from each layer were assigned to all neuron 
units in each layer, and each neuron based on the signal to change the weights of each network connection, and 
finally make the error signal gradually reduced. These two phases are repeated over and over again. The network 
learning phase is actually the process of constantly adjusting and modifying the connection weights. The process 
is ongoing until the error value is reduced to the allowable range or the predefined number of training sessions is 
reached.The basic steps of the BP algorithm are as follows: 

(1) Initialize the weights and thresholds of the network, i.e., set all network connection weights w  and thresholds 
b  to a random number within the interval [-1, +1]. 

(2) Given a set of network training sample set, which contains input vector P  with desired output result T . 
(3) Calculate the output values of the hidden and output layers based on Eq. 
The output of the hidden layer is: 
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(4) Adjust the connection weights and thresholds of the network. 
The standard BP neural network algorithm uses a gradient descent learning algorithm, which adjusts the weights 

and threshold vectors with the formula: 

 ( 1) ( ) ( )x k x k D k    (3) 

In Eq. ( 1), ( )x k x k   denotes the network connection weights and thresholds at the 1,k k  nd iteration, 
respectively,   denotes the training rate, and ( )D k  is the negative gradient of the network error to the weights 
and thresholds when the algorithm proceeds to the k  th iteration, i.e., the fastest descending direction of the 
gradient. 

(5) Calculate the total error of the neural network. I.e: 
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(6) Cycle through steps (2) through (5) until the error accuracy satisfies  , i.e., E  . 
 

III. A. 2) Mathematical modeling 
The use of BP neural network way for intelligent building-oriented energy-saving system energy consumption 
prediction, prediction model need to consider the intelligent building-oriented energy-saving system energy 
consumption have an impact on a variety of factors variables, and need to consider analyzing the feasibility of 
applying the way, the system energy consumption prediction model structure as shown in Figure 2. However, the 
actual impact of public buildings energy consumption of many factors, such as indoor and outdoor climatic 
conditions, the change of law of people's activities, changes in the opening of the load in the building, etc., these 
changes will have a significant impact on the system energy consumption. This project to carry out the prediction of 
the overall energy consumption of the building to take into account the factors affecting it, specially selected climatic 
conditions, the number of office workers, indoor temperature, time factors and other factors as the input layer, 
through the weights to adjust the final output of the predicted energy consumption value. The specific steps are as 
follows: 

(1) Extract a certain sample from the training set and input the information into the network. 
(2) The real-time output of the neural network can be derived after processing the information data forward layer 

by layer through each connected node. 
(3) Measure the amount of deviation of the actual and desired output information data. 
(4) Return the deviation to the previous layers layer by layer, and load all the error data on the connection weights 

according to certain principles, so that the connection weights of the whole neural network are gradually transformed 
to the goal of deviation reduction. 

(5) Repeat the above process for each input-output sample in the whole training set until the deviation of the 
whole set of practice samples is reduced to the required level. 
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Figure 2: System energy consumption prediction model structure 

III. B. System Scheduling Control Model 
The above adopts the energy saving and emission reduction electrical automation system energy consumption 
prediction model based on BP neural network, the use of BP neural network on the overall energy consumption of 
the system and power generation trend to make a prediction, and analyze the evolution of the system energy 
consumption process and development trend of the characteristics of the macroscopic, and in this way to guide the 
system scheduling and control work for the system to provide a scientific decision-making basis for the system 
energy consumption scheduling and control work. According to the energy saving and emission reduction electrical 
automation system's goal is to ensure safe operation and use of comfort under the premise of ensuring that the 
building in different operating modes to make the system run load energy consumption minimum, and maximize the 
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consumption of renewable energy energy consumption. Due to the system's energy consumption system load 
demand has diverse characteristics, the main energy consumption of the system for dynamic prediction and 
response to its integrated demand, and then use a reasonable scheduling control model to ensure that the building 
indoor environmental quality requirements, while achieving the energy saving and emission reduction system 
control of the target effect. Generally includes the following aspects of work: 

(1) Construct the objective function under the key index parameters. 
(2) Setting the constraints on the safety of equipment operation and the high quality of the building environment. 
(3) Simulate and solve the corresponding objective function in the system to filter out the optimal control 

scheduling program and execute it. The details are as follows: 
 

III. B. 1) Objective function 
Energy saving and emission reduction of electrical automation system control is the main purpose is to ensure that 
the system operation safety, maximize the consumption of renewable energy photovoltaic power, at the same time 
make the system operation and management costs are minimized, the scheduling model of the objective function 
is as follows: 

 
1

( )
n

grid grid pv pv AC AC
t

MinJ C P C P C P t


     (5) 

where  J  is the total operating cost of the building, gridC  is the unit off-grid tariff for time period t , yuan/Kwh. 

grieP  is the power input to the building mainline from the grid for time period t , kw. pvC  is the unit on-grid tariff for 

time period t , yuan Kwh. pvP  is the power output to the grid from the building mainline for time period t , kw. ACC  

is the compensation tariff for the battery in time period t , yuan/Kwh. ACP  is the power output/input from the battery 

to the building mains in time period t , kw. 
Combined with the current development trend of intelligent buildings, set the minimum power consumption and 

carbon emission target function of energy saving and emission reduction electrical automation system. It is shown 
as follows: 

 2min i i i i iW a P b P c    (6) 

 2
2min CO is i is i icE a P b P g    (7) 

In the formula, minW   indicates the minimum power consumption, ia  , ib  , ic   are the system energy 

consumption characteristic coefficients, iP   is the energy saving and emission reduction electrical automation 

system generated in the operation process of the active power, 2min COE  is the minimization of the emission target, 

isa  , isb  , isc   are the system emission characteristic coefficients, and icg   is the CO2 emission characteristic 

coefficients of the system. 
 

III. B. 2) Constraints 
The system scheduling operation constraints specifically include grid constraints, battery constraints, the daily 
energy management of this system mainly includes power energy consumption for real-time scheduling. 

(1) Power balance constraints 
According to the automation control technology of power generation and power consumption unit, the system can 

realize the power balance of power generation, power consumption and power exchange with the grid within the 
system. The key to realizing the power balance of the three is to adjust the power generation according to the power 
consumption and the power exchanged with the power grid, in which the power exchanged with the power grid is 
decided by the higher-level grid scheduling organization and the power is relatively stable, so the power 
consumption power becomes a key factor affecting the power adjustment of the power generation. To address this 
issue, the smart microgrid fully considers the AC load and DC load characteristics with high probability of use in the 
building, and its power supply demand and impact on the smart microgrid, and establishes a mathematical model 
of the microgrid load based on the dynamic characteristics of the load in the near-zero-energy office building, and 
through the prediction of power generation dynamics of the microgrid, the PV power generation system subsystem 
always adopts the maximum power tracking mode to generate as much as possible The PV power generation 
system subsystem always adopts the maximum power tracking mode to generate as much PV power as possible 
to supply the main line of the circuit for system use. The predicted data can be used to regulate the total power 
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generation, power consumption, and power exchanged with the grid, and the three power balances are realized. 
i.e: 

 l
t t t t
grid v tp ACotaP P P P    (8) 

where gridP   is the power exchanged with the grid, kw, pvP   is the photovoltaic power, kw, ACP   is the battery 

charging power, and totalP  is the total power of all operating equipment and appliances in the building system, kw. 

(2) Battery constraints 
Based on the power supply and load peak and valley difference is very large problem, the means of battery device 

and demand mutual response is mainly manifested as peak shaving and valley filling, according to the level of 
market price of electricity to autonomously optimize the power supply behavior, that is, charging in the grid load 
trough period of low price of electricity, in the peak period of the grid load of high price of electricity when discharging. 
The battery operation constraints are: 
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In the formula,  maxfillingP  and  maxputP  for the battery maximum charging power and maximum discharge point 

power kw, ,low highSOC SOC  for the battery under normal circumstances of the lowest discharge limit and maximum 

capacity charging upper limit, take the value of 20% and 90%, respectively. 
 
III. B. 3) Optimal control scheduling scheme based on genetic algorithm 
After determining the objective function and constraints of the energy-saving and emission reduction electrical 
automation system, it is necessary to use certain algorithms for optimization calculation. Considering the online 
real-time control of the energy saving problem, the optimization search time for completing the above algorithm is 
long, so the genetic algorithm is used as the real-time optimization algorithm. Genetic algorithm can be regarded 
as an optimization method, which gives an evolutionary function by encoding the problem similar to a chromosome, 
and the most suitable chromosome, which corresponds to the optimal solution of the problem, is retained by certain 
genetic operations such as selection, crossover and mutation [27]. Genetic algorithms deal with optimization 
problems by encoding all the independent variables, commonly used binary codes representing a solution 
determined by the values of one independent variable, the objective function of the optimization problem as the 
environment in which the population is located, and the value of the objective function as the individual's fitness to 
the environment. Genetic algorithm will be a complex nonlinear problem after effective search and dynamic 
evolution to achieve the characteristics of the optimization state, with and other algorithms have different 
characteristics. Genetic algorithm adopts the group way to organize the search, can search multiple regions in the 
solution space at the same time, is a kind of heuristic search, its search time consumption and efficiency is better 
than other optimization methods, the problem function is very little restriction, that is, it can be a mathematical 
function and other explicit functions, but also mapping matrices, neural networks and other implicit functions. 
Genetic algorithm is an iterative process, in each iteration to retain a set of candidate solutions, according to the 
advantages and disadvantages of their solutions are sorted, and according to some indicators from which some 
solutions are selected, the use of genetic operators to operate on them, to produce a new generation of a new set 
of candidate solutions, until a certain convergence conditions are met. The main processes are as follows: 

(1) Determine the coding method 
Determine the coding mode, that is, to convert the feasible solution of a problem from its solution space to the 

search space that the genetic algorithm can deal with, the main coding mode is to use binary coding to realize the 
parameterization of the model, according to a certain order of every few binary digits correspond to a parameter 
variable, each bit of the binary that is a gene on the chromosome, the binary string that is, the chromosome, the 
chromosome length depends on the range of the parameter values and the The length of the chromosome depends 
on the range of parameter values and the model resolution, and the relationship is as follows: 
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In Eq. (10), max( )m  and min( )m  are the upper and lower limits of the values of the problem domain parameters, 
respectively, m  is the model parameter resolution, and 1 is the chromosome length. 

(2) Determine the fitness function 
The fitness function is a measurement function of the problem solving results, which is an indicator of the 

chromosome's adaptation to the environment and an objective function reflecting the actual problem. Suppose there 
is a problem to be optimized: 
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where 1 2, , , nx x x  is the independent variable, 1 2, , , nx x x  of each set of values 1 2( , , , )na a a   constitute a 

solution to the problem,   is the solution space of the problem, F is a real number of the real number domain R, 
the goal of optimization is to find a set of values 1 2( , , , )n     of 1 2, , , nx x x , making 1 2( , , , )ny F      

the largest, the fitness function and the objective function of the actual problem is consistent with the objective 
function, for the minimization of the objective function of the problem, the fitness function can be taken as the inverse 
of the objective function. 

(3) Determination of selection strategy, the larger the fitness value the greater the probability of being selected, 
the commonly used selection method is the fitness ratio method, also known as roulette selection, that is, each 
chromosome produces a number of offspring is proportional to the size of its fitness value and the total number of 
chromosomes remains unchanged. 

Assuming that the size of the population is n and the fitness value of individual iA  is ( )if A , the probability 

( )iP A  that individual iA  will be selected is: 
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(4) Genetic algorithm itself control parameter selection, the main parameters to be selected are the string length 
of the coding string 1, the population size n, the crossover probability cp  and the mutation probability mp . 

(5) The design of genetic operators, the genetic operators of simple genetic algorithm only include selection, 
crossover and mutation, and the advanced genetic algorithm contains some complex genetic operators, such as 
inverse operators. 

Crossover operation is the characteristic of genetic algorithm that distinguishes it from other evolutionary 
operations, and it is the main method to produce new individuals, including: single-point crossover, two-point 
crossover, uniform crossover and arithmetic crossover. 

(6) Determine the termination conditions of the algorithm, which are the following or a combination thereof: specify 
the number of evolutionary generations, i.e., the maximum number of iterations. The fitness value of a solution in 
the population reaches a certain pre-specified range. For a number of consecutive generations, the individuals in 
the population no longer change. 

From the characteristics and design process of the genetic algorithm, it can be seen that the genetic algorithm is 
suitable to be used as an optimization solution algorithm for the scheduling control model of the energy-saving and 
emission-reducing automated system, which can shorten the time of optimization searching, so as to get the optimal 
energy-saving and emission-reducing automated system scheduling and control scheme. 

IV. Empirical analysis of system energy consumption prediction and control 
IV. A. Empirical analysis of system energy consumption prediction 
IV. A. 1) Indicators for the assessment of forecasting models 
In this paper, three indicators are used to judge the performance of the prediction model, which are the root mean 
square error (RMSE), the mean absolute percentage of error (MAPE), and the coefficient of determination 2R , 
which is calculated by the following formula: 

  2
1

1 n

ii
i

RMSE y y
n 
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where iy  is the predicted value and iy  is the actual value. 

 
IV. A. 2) Parameter setting 
In this paper, four prediction models are established as CNN (Conventional Convolutional Neural Network), RNN 
(Conventional Recurrent Neural Network), DNN (Deep Neural Network) and BP Neural Network. These three 
prediction models (CNN, RNN, DNN) are used as a performance comparison of the proposed models in this paper. 
All the codes related to the experiments in the paper were implemented in Python software using the machine 
learning library Scikit-Learn (version 0.21.1). This experiment uses ten-fold cross-validation to validate the model. 
Cross-validation is a method for evaluating predictive models by repeatedly dividing the training set into a training 
set and a validation set. After ten-fold cross-validation, the hyperparameters optimized by the model and their 
specific values are the number of base learners (120, 120, 100), the minimum number of samples required to split 
the internal nodes (16, 16, 4), and the minimum number of samples required for leaf nodes (8, 8, 2). The number of 
hidden layers of the model is 3, the number of neurons in the hidden layer (100, 200, 100), and the learning rate is 
0.001. 
 
IV. A. 3) Analysis of forecast results 
The data are obtained from an intelligent building network and divided into training and test sets according to a 
certain ratio, Figure 3 shows the comparison curve between the predicted value and the true value of the energy 
consumption of the energy saving and emission reduction automation system of the different models under the 72-
hour test set, and Table 1 shows the comparison of the prediction errors of the different models for the training set 
and the test set, in which the bolded values indicate that the model has the best prediction performance for this test 
set under this performance evaluation . From this table, it can be seen that the prediction performance of CNN 
compared with RNN and DNN models on the test set, the former's RMSE and MAPE are reduced by 2.424, 1.895 
and 1.281% and 1.09%, respectively, which shows that the performance of the system prediction model based on 
the Convolutional Neural Networks is better than that of the RNN and DNN models, which suggests that the CNN 
can extract the effective practical impacts on the energy-saving The system energy consumption prediction model 
of BP neural network reduces RMSE by 0.928, 3.352, 2.823, MAPE by 0.491%, 1.772%, 1.581%, and R2 reaches 
0.847, which is the highest among the four models, comparing with other models, indicating that the predicted value 
has a good relation with the actual energy consumption. It shows that the predicted value has a good fit goodness 
of fit with the actual energy consumption. It can be shown that the BP neural network algorithm can filter out some 
of the influencing factors of energy consumption in energy-saving and emission reduction automation system, which 
improves the model prediction accuracy while reducing the model complexity. 

 

Figure 3: A graph comparing the predicted value to the true value 
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Table 1: Comparison of prediction performance of different models 

Model Data set RMSE MAPE/% R2 

BP 
Data set 4.126 2.346 0.847 

Training set 4.277 2.512 0.814 

CNN 
Data set 5.054 2.837 0.807 

Training set 4.712 2.657 0.779 

RNN 
Data set 7.478 4.118 0.658 

Training set 7.084 3.857 0.816 

DNN 
Data set 6.949 3.927 0.447 

Training set 12.547 7.946 0.806 

Fig. 4 shows the scatter plot of the predicted and true values of the system energy consumption under the four 
models in the test set, where (a) to (d) are BP, CNN, RNN, and DNN, respectively. It is obvious from the figure that 
under the model of this paper, the scatter points are distributed near a straight line with a slope close to 1. The 
correlation coefficient r between the true and predicted values also reaches 0.913. It shows that the model in this 
paper predicts the energy consumption of the energy efficient electrical automation system better without overfitting. 
In addition, it can be seen that the energy consumption is mainly distributed between 4000KJ and 7700KJ. 

  

(a)BP (b)CNN 

  

(c)RNN (d)DNN 

Figure 4: Scatter plot of predicted and true values 

IV. B. Empirical analysis of system dispatch control 
By analyzing the energy consumption prediction of the energy saving and emission reduction automation system 
above, the energy consumption distribution range of the system in three days' time is derived, which provides data 
support for the empirical analysis of the system scheduling control. Next, with the help of the genetic algorithm and 
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constraints mentioned above, the objective function set is solved, and then the optimal scheduling control scheme 
of the energy emission reduction automation system is derived, and the actual operation effect of the scheduling 
control scheme is explored, which is analyzed as follows: 
 
IV. B. 1) Analysis of the objective function solution 
In order to reflect the priority of genetic algorithm in the control of energy saving and emission reduction electrical 
automation system, three comparison algorithms (PSO: particle swarm algorithm, SA: simulated annealing 
algorithm, and ACO: ant colony algorithm) are set, and the relevant parameters of the algorithms are set. Combined 
with the above constraints and the results of the system energy consumption distribution, the set objective function 
is solved, and the comparative analysis of the objective function solving results is shown in Fig. 5, in which (a) ~ (c) 
represent the optimal solution of energy consumption, the optimal solution of CO2 emission, and the optimal solution 
of operation cost, respectively. Based on the performance of the data in the figure, the genetic algorithm to solve 
the objective function results were 4821KJ, 21.81t, 100,600 yuan, compared with the other three algorithms perform 
better, indicating that the genetic algorithm can realize the global optimal energy saving and emission reduction 
electrical automation system control, not only reduces the energy consumption and CO2 emissions, at the same 
time, makes the system operation and management costs at a minimum. According to the results of the objective 
function solution, the optimal energy-saving and emission reduction electrical automation system control program 
is formulated (e.g., the system can automatically respond to the signals transmitted by the indoor temperature and 
humidity sensors and adjust the size of the temperature and humidity signals to avoid excessive operation of the 
air conditioner and other equipment, and to reduce the unnecessary loss of electrical energy, costs, and carbon 
emissions). 

  

(a) Optimal energy consumption solution (b)Optimal solution of CO2 emission 

 

(c) Run A optimally 

Figure 5: Comparison of objective function solution results 
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IV. B. 2) Analysis of practical application effects 
In recent years, the problem of energy crisis is becoming more and more serious. Buildings as a large energy 
consumer, energy consumption accounts for about 24.9% of the total energy consumption in the country, indoor 
heating as the most important heating method in cold regions and cities in cold regions. For this reason, this 
subsection explores the effectiveness of the system control scheme in indoor heating in terms of temperature, CO2, 
and energy consumption. Figure 6 shows the outdoor temperature change curve from 08:00 to 21:00 on December 
10, 2022, and Figure 7 shows the indoor temperature and CO2 volume data collected by the energy-saving and 
emission reduction electrical automation system on December 10th. In order to avoid energy saving and emission 
reduction electrical automation system regulating valves, inverters and other actuators frequent action, energy 
saving and emission reduction during the system for the optimization of scheduling and control, the system control 
and regulation cycle of 60min, the system data acquisition cycle of 10min, the actual operating data through the 
energy saving and emission reduction system collected and stored in the data server, energy saving and emission 
reduction electrical automation system control program put into operation since the control links are running well, 
the average indoor temperature and CO2 volume data collected. links run well, the average indoor temperature is 
maintained at about 12~19℃, while the outdoor temperature fluctuates within the range of 4~10℃ (due to the indoor 
temperature gap caused by the indoor in the heating), and the volume fraction of carbon emissions generated by 
the system is controlled at 530~610×10-6, which indicates that under the action of the system control program, the 
various values are all in a reasonable range, which verifies that the system control program has a good The system 
control scheme has a good practical operation effect. 

 

Figure 6: Variation trend of outdoor temperature on December 10 

 

Figure 7: Change curve of indoor temperature and CO2 volume fraction 

Fig. 8 shows the comparison of power consumption between the heating seasons of 2022-2023 and 2023-2024, 
where the 67th to 85th d of 2022-2023 and the 53rd to 68th d of 2023-2024 belong to the period of the cold winter 
season, which has a lower level of energy consumption. Compared with the heating season of 2022-2023 
(106,042.9 kW·h) before the operation of the system control scheme, the heating season of 2023-2024 (77,332.4 
kW·h) saves 27.07% of electricity under the condition that the average outdoor air temperature is basically the same. 
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According to the electricity (equivalent) standard coal conversion factor 0.4040kg/(kW·h), 1kg standard coal 
emission 2.622kg carbon dioxide calculation, the annual savings of standard coal 11.6t, reduce carbon dioxide 
emissions 30.415t, further illustrates that energy saving and emission reduction electrical automation system control 
program in the actual operation of the process of excellent application results. 

 

Figure 8: Comparison of electricity consumption in heating season 

V. Conclusion 
In this paper, from the actual construction project overview, with the help of the corresponding equipment and 
software, the energy saving and emission reduction electrical automation system is constructed. Between the 
development of the system control program, it is necessary to use BP neural network to predict and analyze the 
system energy consumption, revealing the distribution range of system energy consumption. After the energy 
consumption of the system is known, the objective function and constraints of the system scheduling control model 
are set, and the genetic algorithm is proposed to be used to simulate the objective function for solving and analyzing, 
so as to formulate the globally optimal system control scheme, and finally, the analysis of the practical application 
effect of the scheme is also added. Compared to the heating season of 2022-2023 (power consumption: 106,042.9 
kW·h) before the program was operated, the program was formally put into operation in 2023-2024, and it was 
found that in 2023-2024 (power consumption: 77,332.4 kW·h), saving electricity 28710.5 kW·h, combined with the 
standard coal conversion factor, converted to carbon dioxide emissions, then 30.415t, verifying the practical 
application of the energy saving and emission reduction electrical automation system control program developed in 
this paper. 
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